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ABSTRACT
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Recently, attention has been drawn to the biases present in the methodologies employed
by Forensic Anthropologists, and in the medicolegal system, towards People of Color
throughout the identification process. As one of the important contributors to the
medicolegal system, it is essential that forensic anthropologists understand the impact of
their analyses on the identification rate of marginalized unidentified decedents. Thus,
through the utilization of positive identification records from Wayne and Ingham
Counties in Michigan, U.S., this research investigated the disparities in identification
rates between decedents reported as White and those reported as People of Color (POC).
The data indicated that those reported as POC were identified at a significantly slower
rate than those reported as White. Although it is difficult to identify why these
discrepancies were observed, it is thought that case-specific differences, societal and
structural inequalities, implicit and/or explicit bias of the individuals working on the
cases, mistrust in law enforcement and medicolegal professionals, ambiguous
terminology used to describe ancestry or social race within the medicolegal system,
and/or a disconnect between ancestry/race reported by the medicolegal professionals and
the individual’s actual identity could be contributing factors. These findings underscore
the need for further research in this area, to determine what is contributing to these racial

disparities in identification rate, for those reported as POC who are already
overrepresented in forensic casework.
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Chapter 1: Introduction/Literature Review
Within the field of forensic anthropology, there have been calls for research to
investigate the effects of bioanthropological methods on identification efforts. Forensic
anthropologists use bioanthropological methods to perform analyses on unidentified
skeletal remains to assist in medicolegal identification efforts. All estimations completed
by forensic anthropologists are meant to narrow the pool of potential identifications for
an unidentified decedent, but the ethicality and validity of the methods employed to
estimate an unknown individual’s ancestry and their effects in the medicolegal
identification process are being questioned.
Prior research into other aspects of the justice and medicolegal systems have
shown that minority populations are subject to bias and discrimination through the many
steps of contact with the justice system. When looking at missing and unidentified
persons numbers, it is also clear that People of Color are overrepresented within the
medicolegal system. Yet the effect of bioanthropological methods on the rate at which
identifications are made in the medicolegal system has yet to be examined. Therefore,
this research aims to investigate whether there are discrepancies in identification rates
(how quickly an identification is made) between people reported to have been White and
those reported to have been BIPOC (Black, Indigenous, and People of Color). It would be
irresponsible to assume that the systemic racism seen throughout the justice system stops
after an individual’s death. Thus, research into possible discrepancies in identification
rates of unidentified decedents is necessary.
To situate forensic anthropology’s role in this matter, it is important to understand
the identification process, how the common bioanthropological methods are used and
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interpreted throughout the medicolegal system, and how they could affect the length of
time it takes to identify a decedent. It is also necessary to address the structural inequities
that result in higher numbers of People of Color in the medicolegal system and to
highlight the existing literatureon biases and their effects within the justice and
medicolegal systems that are exacerbating these issues.

Medicolegal Identification process
Around 10% of decedents analyzed at a Medical Examiner’s office are initially
unidentified, due to case circumstances, decomposition, skeletonization, mummification,
trauma, thermal damage, and/or dismemberment/mutilation (Spitz, 2006). In these cases,
it is the job of law enforcement officials, investigators, and forensic scientists to compile
enough data to positively identify the unknown decedent (Ubelaker et al., 2019).This is
not only important to provide the decedent their identity, but also is important in muder
investigations and serves to protect the public. In medicolegal situations, positive
identifications are made when the supplemental analyses and collected case information
support and enable the identification of the decedent. This is accomplished through the
comparison of the decedent’s anatomical features and case information with antemortem
records of the presumed individual. In some instances, personal effects or other evidence
at the scene can provide investigators with a tentative, circumstantial, or presumptive
identification of a decedent, while others are completely unidentified with no initial
presumed identification (Ubelaker et al., 2019).
In most cases, further testing and evidence collection are required to make a
positive identification. There are many different methods and procedures involved in the
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identification process, but each case is different and presents unique challenges. The
methods employed for identification are dependent on factors such as the death
circumstances, conditions of the remains, antemortem record availability, informant
participation, and resource availability. Some cases may only require the use of one
method such as fingerprinting, radiographic, or photographic comparison,
anthropological analyses, record comparison, or DNA testing, while other cases may
require the use of multiple methods to establish several lines of evidence.
The main goal of the medicolegal identification process is to help reestablish the
unidentified decedents’ human right to their identity, thus it is essential that these cases
are performed in an efficient and timely manner. Previous researchers have examined
forensic case data from Fulton County Medical Examiner (FCME) in Georgia, to
summarize the unidentified cases at FCME, and how case differences related to
identification turnaround rates (Hanzlick & Smith, 2006). They found that most of the
individuals within their sample (78%) were identified within a 2-day period, while the
longest identification period was 29 days. In general, cases that involved decomposition,
skeletonization, thermal damage, or homeless individuals took longer. Hanzlick and
Smith (2006) also found that out of the 100 cases examined, six remain unidentified, all
of which are reported as non-white race/ethnicity. This suggests that structural
inequalities that affect marginalized individuals at greater rates, such as lack of access to
medical care and poverty, could hinder the identification process. Further, in the article
by Hanzlick and Smith (2006), methods such as visual confirmation, fingerprints, DNA,
dental, and x-ray were analyzed in relation to identification rate, yet there is no mention
of forensic anthropology. As one of the many contributors in the identification process, it
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is essential to understand forensic anthropology’s role in the process, and how
anthropologists could also be affecting the identification rate of unidentified decedents.

Forensic Anthropology in the Identification Process
In a medicolegal setting, forensic anthropologists work as consultants for or are
employed by law enforcement agencies and medical examiners to assist in the
identification of unidentified decedents. This is done through the analysis and reporting
of estimations of sex, age, stature, and ancestry (i.e., the biological profile), as well as
other individuating features such as pathological conditions, trauma, surgical implants,
skeletal anomalies, etc. (Langley & Tersigni-Tarrant, 2017) through skeletal analysis.
Therefore, most if not all decedents that anthropologists work on are unrecognizable, due
to decomposition, mummification, thermal damage, and/or dismemberment/mutilation.
These analyses are usually conducted on physical remains, but forensic anthropologists
are also commonly asked to compare postmortem (after-death) radiographs with
antemortem (before death) radiographs or other medical imagery (Ubelaker et al., 2019).
The estimated biological profile (age, sex, stature, and ancestry) and/or other evidence
from radiographic comparison is reported to the Medical Examiner or Coroner, who
works with law enforcement to assist in the identification of the unknown individual.
The information on the report is used to narrow the field of potential matches and can
provide law enforcement with lead-generating information (Blau, 2018), acting as either
supplemental information or a direct identification. To do this, the biological profile
information is commonly entered into an unidentified persons database such as NamUS
or CODIS. Investigators, other officials, and/or community members use these databases

5
to match missing person information with unidentified persons’ profiles, including the
estimated biological profiles. Further individuating or unique features such as pathology,
trauma, surgical implants, skeletal anomalies, etc., can be compared to antemortem
records of missing persons and can be used to assist in the interpretation of the event’s
surrounding the individual’s death (Blau, 2018). Each forensic case is unique and
presents its own challenges. Therefore, when working on cases, forensic anthropologists
must be familiar with the technical and methodological approaches of the field, and the
underlying evolutionary, biological, and cultural processes that contribute to the human
skeletal variation (Christensen et al., 2014).
Because the forensic anthropologist’s main goal is to assist with the identification
of unidentified decedents, the estimates that will be used to build a proxy identity for the
decedent need to be reliable and accurate. If any aspect of the biological profile is
incorrect, the identification process can be completely halted or diverted in the wrong
direction (Ubelaker et al., 2019). This is the case for any forensic method used for
identification but is especially difficult for forensic anthropologists because they are
generally working with unrecognizable decedents, due to decomposition, mummification,
thermal damage, and/or dismemberment/mutilation.
Forensic anthropologists can also be called into court as expert witnesses, so it is
important that the methods within the field are standardized and well understood to
ensure admissibility in a courtroom (Christensen & Crowder, 2009). Therefore, the
constant questioning and validation of currently utilized methods is an essential aspect of
the field (National Research Council (U.S.) et al., 2009). This especially has been the
case since the release of the National Research Council’s (ibid) report, Strengthening
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Forensic Science in the United States: A Path Forward, which outlines the needs and
recommendations to improve forensic science practices. In this report, it was reiterated
that although recently there have been enormous technological and scientific advances in
the forensic sciences, it is important that these new methods are reliable. To ensure
methodological reliability and validity, the report calls for lab accreditations, practitioner
certifications, research on observer bias and human error in forensics, development of
field standards, and other practices to ensure standardization and reliability (National
Research Council (U.S.) et al., 2009). Consequently, one of the many jobs of the
anthropologist is to guarantee the methods they are using are valid and accurate to ensure
they are giving the decedent their best chance of regaining their identity.

Current Uses and Methods for Ancestry Estimation
One of the more difficult and controversial aspects of the biological profile is the
estimation of ancestry. As mentioned in the introduction, ancestry estimation methods
stemmed from typological approaches that were motivated by racist ideologies to
hierarchically rank human “races” and justify unequal social conditions (Spradley &
Weisensee, 2012). Since then, anthropologists have moved away from grouping
individuals in discrete groups and have pulled from genetics research to understand
skeletal variation. Current methods utilize evolutionary genetics models, in congruence
with what is known about a population’s history, to explain the variation within and
between populations (Spradley & Weisensee, 2012). Three major findings in the field of
genetics have led to how anthropologists interpret human variation today.
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First, when compared to other species it has been found that humans exhibit a
small amount of genetic variation. Through genetics research, it has been proven that
humans exhibit more variation within populations than between different populations
(Rivera, 2019). Therefore, all humans, no matter how they are socially grouped, are
genetically very similar and show no distinct genetic patterning between populations.
Secondly, research has shown the human variation we do see cannot be sorted into
discrete groups because it is clinal, meaning the traits we are generally observing when
examining variation are continuous (Rivera, 2019). Because we now know that
differences in trait frequencies between populations are owed to the action of an
evolutionary force, it makes sense that these differences are observed on a gradient and
are not completely discrete. Thirdly, it is known that most traits are inherited
independently, so it is impossible to categorize humans by groups of similar traits
(Rivera, 2019). Yet, ancestry estimation is still included in the biological profile because
it is argued that forensic anthropologists can meaningfully sort individuals into ancestral
groupings, due to the concordance between social race and skeletal morphology (Ousley
et al., 2009; Rivera, 2019; Sauer, 1992).
Although genetics research has assisted in debunking the idea that race is
biological, the social aspects of race are still very real and important in the organization
of U.S. society (Stock & Rubin, 2019). Not only is social race central to many structural
aspects of the U.S., but it also plays a large role in the construction of identity for many
individuals. When playing a role in identity, social race is usually based on phenotypic
characteristics and is also influenced by environmental and/or community factors
(Stubblefield, 2021). Because most people in the U.S. are aware of or communicate their
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social race to others as a part of their identity, it plays a large role in missing and
unidentified persons cases. This is apparent when looking at forensic databases, where all
missing and/or unidentified person case profiles include a section to include the
individuals’ race and/or ethnicity.
When an anthropologist analyzes skeletal remains and reports an estimation of an
individual’s ancestry, they are using skeletal measurements or traits to determine which
ancestral group their individual fits into best. Therefore, the anthropologist is estimating
the biological affinity of the unknown individual when compared to other ancestry
groups, which generally relies on known adaptations associated with specific geographic
origins (Langley & Tersigni-Tarrant, 2017; Stock & Rubin, 2019). These methods rely on
the knowledge of evolutionary adaptations to different climates or environments. These
adaptations are reflected in the human skeleton and are the reason that some traits are
present more frequently in some places in the world while less frequent in others. Earlier
ancestry methods relied on nonmetric analysis of morphoscopic (relating to form or
shape) traits that were associated with environmental adaptions and thus were also
associated with a certain population (Hefner, 2009). But these methods are easily
influenced by gestalt, are dependent on observer experience, and are borderline
typological in practice. Within the field, “gestalt” is referring to when a professional,
relying on experience, uses the overall impression of the remains rather than examining
the relevant features of the skeleton separately (Klales & Lesciotto, 2016). Although
some anthropologists still use nonmetric methods today, most use metric methods and
utilize online databases such as FORDISC (Jantz & Ousley, 2012) with large built-in
sample populations for comparison. These methods use discriminant function analysis to
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produce an individual’s statistical likelihood of belonging to each ancestry group, with a
certain level of certainty (accuracy rates) (Berg & Kenyhercz, 2017; Hefner, 2009; Jantz
& Ousley, 2012). These methods utilize the heritability of certain traits to determine the
likelihood that the unknown individual fits into a population cluster with similar inherited
traits. Although these more recent methods rely on metric analyses, they were developed
out of the previous typological approaches and still group individuals based on artificial,
oversimplified categories that were influenced by racialized thinking (Ross & Williams,
2021).
More recent research by Ross and Williams (2021) has suggested the use of an
approach that utilizes microevolutionary and culture history factors, that have influenced
population structures, to estimate an individual’s population affinity. Because we live in
such a highly globalized world and because humans are such a mobile species, it is
important to consider a population’s history and the accompanying microevolutionary
processes such as mutation, natural selection, genetic drift, and/or genetic flow, when
reconstructing someone’s biological population affinity. When estimating ancestry it is
important that the methodology used is grounded in evolutionary biology and is moving
away from the typological approaches that have masked themselves as objective and
scientific in the past (Ross & Williams, 2021).
Ancestry estimations are not equivalent to estimations of social race yet in some
instances social race categories are included in reports. It is also commonly explained that
because of the concordance between geographic origin and social race in the U.S., it is
possible for forensic anthropologists to include this information in their reports alongside
their ancestry estimation (Dunn et al., 2020; Rivera, 2019; Sauer, 1992). This is defended
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in the original Scientific Working Group-Anthropology standards document regarding
ancestry estimation methods (SWG-ANTH, 2013). The use of these methods to infer
social race has recently been criticized by researchers such as Bethard and Digangi
(2021), who call for more research within the field of forensic anthropology to ensure
that the estimations provided in the report do not enable bias or hinder the identification
process. In this, they also call for the abandonment of ancestry estimation methods on the
grounds that these methods, that were developed out of racist approaches that worked to
validate biological race concepts, still reflect these values when practiced, and could be
hindering the identification process (DiGangi & Bethard, 2021). Others have responded
to these calls by conveying the necessity of addressing the accuracy rates and advantages
of using ancestry estimation to identify a decedent (Stull et al., 2021). Stull and
colleagues argue that before throwing out the use of the methods completely, the high
accuracy rates of ancestry estimation methods and their overall usefulness should be
examined.
The goal of this study is not to critique ancestry estimation or argue that it should
or should not be used in forensic cases. Yet, it is important to highlight why the reporting
of ancestry estimation can be misleading and/or confusing to others working on cases that
are less familiar with the forensic anthropological methodology. All individuals working
on a forensic case should be aware of the possibilities and limitations of the other
disciplines involved in the medicolegal system, but it is the job of the anthropologist to
ensure that their results are being communicated accurately. As per Blakey (1987:30) in
the article Intrinsic Social and Political Bias in the History of American Physical
Anthropology, “…given the demonstrated intrinsic nature of scientific bias and function,

11
anthropologists, if they are to understand the meaning of their own work, must seek to
understand the socio-political influences and applications of their chosen perspectives
and analyses”. This is to ensure that the biases present throughout the rest of the justice
system do not continue after an individual’s death.

Overrepresentation of BIPOC in Missing and Unidentified Persons Numbers
There are very apparent and disturbing discrepancies in missing and unidentified
person numbers. When compared to population percentages, Black, Hispanic, and
American Indian/Alaska Native (as recorded on the U.S. Census1) are overrepresented in
the unidentified and missing person numbers (Tables 1 and 2) (https://data.census.gov;
https://www.namus.gov/). While there is a lower percentage of White unidentified
persons (45%) when compared to the White U.S. population percentage (60%). This is
also the case in White missing and unidentified person percentages (35% and 60%,
respectively) in Michigan when compared to the White population percentage in
Michigan (75%) (The National Missing and Unidentified Persons System (NamUs), n.d.;
U.S. Census, 2020). It should be noted that the U.S. Census Bureau recognizes
“Hispanic” as an ethnicity rather than a race category and is recorded separately from
race. Therefore, in this section when grouping those that identify as Hispanic with other
race categories, it is only to display that similarly to other marginalized groups, those that
identify as Hispanic are overrepresented in unidentified person cases (Table 1).

1

Because racial categories and their definitions are dependent on social and cultural context, they tend to
differ depending on what they are being used for and/or what agency is collecting the information. It should
be noted that the racial categories discussed in this section were dependent on the categories used by the
U.S. Census Bureau, which adheres to the 1997 Office of Management and Budget (OMB) standards on
race and ethnicity. Definitions provided by the U.S. Census Bureau are included in table 3.
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Table 1: Population demographics from 2020 U.S. Censusa and NamUSb statistics (recorded on 9/21/21)
Ancestry/Race Categoryc

U.S.
Populationd

Unidentified
in U.S.d

Missing
in U.S.d

Michigan
Populationd

Unidentified
in
Michigand

Missing
in
Michigand

White

60%

45%

66%

Asian

6%

2%

3%

75%

35%

60%

3%

<1%

2%

American Indian/Alaska Native

1%

1%

4%

<1%

<1%

1%

Black

13%

Hispanic/Latino

19%

16%

17%

14%

46%

35%

26%

17%

5%

3%

5%

Native Hawaiian/Pacific Islander

<1%

<1%

<1%

0%

0%

0%

Other

N/A

Uncertain

N/A

2%

1%

N/A

<1%

<1%

23%

<1%

N/A

19%

<1%

Not Provided

N/A

<1%

<1%

N/A

0%

0%

ahttps://data.census.gov
bhttps://www.namus.gov/Dashboard
cU.S.

census also includes a "two or more races" category (does not specify what races, and a "not Hispanic or Latino"
category, which were not included in the chart above, because NamUS did not have any related categories.
dPercent of the total, rounded to the nearest percent.

The Black-White discrepancy in missing persons percentages is especially
pronounced in the National Crime Information Center (NCIC) 2020 report, which shows
that the White group, including Hispanic individuals, makes up 54% of the missing
person’s active entries, while the Black individuals make up 31% (Table 2) (2020
National Crime Information Center (NCIC) Missing Person and Unidentified Person
Statistics Pursuant to the Requirements of the Crime Control Act of 1990, 2021) when the
U.S. population percentages are 60% and 13% respectively. While discrepancies can be
explained partially by the inequities in law enforcement and the justice system, many
other socioeconomic inequalities are likely also playing a role.
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Table 2: Population Demographics from 2020 U.S. Censusa and the 2020 National Crime Information Center
(NCIC) reportb
Ancestry/Race Category

U.S. Populationc

Active Missing Persons
Entries (NCIC)c

Whited

60%

54%

Asian

6%

2%

American Indian/Alaska Native

1%

2%

Black

13%

31%

Unknown

N/A

10%

ahttps://www.census.gov/quickfacts/fact/table/US/POP010220
bhttps://www.fbi.gov/file-repository/2020-ncic-missing-person-and-unidentified-person-statistics.pdf/view
cPercent
dIn

of total, rounded to nearest percent.
the NCIC report the "White" category included Hispanic individuals.

Structural inequalities and the persistence of racist policies have resulted in higher
numbers of People of Color with lower socioeconomic status, living in neighborhoods
with higher levels of poverty (Williams, 1999). This is especially pronounced in larger
urban areas. For example, in Detroit, Michigan around 1950, people from the city began
to relocate to the suburbs, resulting in a large population decrease. The depopulation was
exacerbated after what has been termed the “white flight”, following the race riots and
Civil Rights Movements in the late 1960s (Eisinger, 2014). This resulted in an economic
collapse in Detroit, which was worsened by the Great Recession in 2008, eventually
leading the city of Detroit to declare Bankruptcy in 2013 (Eisinger, 2014; Safransky,
2014). The effects of Detroit’s economic collapse are still felt today as Detroit’s poverty
rate is 30.6%, which is much greater than the national poverty rate of 12.3%
(https://data.census.gov). People of Color were disproportionately affected by the historic
economic hardship which is still reflected in the demography and forensic casework
today (Moore & Kim, n.d.).
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It should be made clear that biological factors and/or ancestry are not directly
correlated to socioeconomic status. These associations are apparent due to the history of
racism and institutionalized discrimination against People of Color in the U.S. The
continuation of this discrimination is still apparent today in disparities in socioeconomic
status, unemployment rates, health outcomes, death rates, and many other societal aspects
(Polednak, 2000; Sampson et al., 2018; Williams, 1999). Therefore, when discussing the
effect of socioeconomic status and structural inequalities on death rates, it is important to
remember that because of the past and current racism in the U.S., there are large racial
gaps in socioeconomic status and numbers of impoverished individuals (Sampson et al.,
2018; Williams, 1999).
Areas of lower socioeconomic status are associated with greater amounts of
homelessness, lower health outcomes, higher death rates, and higher crime and violence
rates, many of which are due to infrastructural issues and inequalities in lower-income
areas. Because homeless individuals frequently lack access to resources such as
healthcare, food, shelter, and clean drinking water, studies have shown that homeless
populations have higher death rates and tend to be overrepresented in forensic casework
(Byrnes et al., n.d.). In Michigan specifically, Moore and Kim (n.d) reported that 73% of
the forensic cases they had worked on in Detroit were found in empty or “vacant”
buildings, while 16% were recovered from homeless encampments or wood-covered
areas. Previous research found that People of Color disproportionately experience
homelessness and make up more than half of those who are reported as homeless in the
U.S. (Fowle, 2022). This again reflects the structural and socioeconomic inequalities that
unequally affect People of Color, due to historical and current discrimination and racism
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(Fowle, 2022). Because homelessness is generally associated with economic instability
and other adverse outcomes, it could act as a contributing factor to the higher numbers of
BIPOC individuals in the medicolegal system.
Health outcomes and death rates are also closely related to socioeconomic status
and neighborhood poverty levels. It has been shown that the socioeconomic status of an
individual’s neighborhood is correlated with their allostatic load, which is described as
the “cumulative physiological toll on multiple major biological systems over the life
course” (McEwen & Seeman, 1999). A greater allostatic load over time is associated with
negative health outcomes and higher mortality rates (Schulz et al., 2012). In a study done
by Schultz (2012), it was found that the poverty levels of neighborhoods were positively
associated with allostatic load, therefore individuals living in neighborhoods with high
levels of poverty, generally had worse health outcomes and higher mortality rates. It is
not only that the physical conditions and access to resources in lower socioeconomic
areas are worse, but it has also been argued that the constant stresses resulting from
discrimination add to an individual’s allostatic load, contributing to the higher stress
levels and lower health outcomes in People of Color (Williams, 1999).
Violence rates also are associated with socioeconomic status and could be
contributing to higher numbers of missing and unidentified People of Color. High
frequencies of intimate partner violence and community violence are generally associated
with lower socioeconomic status (Sampson et al., 2018; Wilson, 2019), thus contributing
to the higher death rates in these communities. Racial disparities in violence and
victimization have been examined specifically. The negative effects of historic
discriminatory segregation laws persist today and have resulted in high concentrations of

16
People of Color in less desirable areas with higher rates of poverty (Williams, 1999). It
has been theorized that racial discrepancies in violence exist due to the residential
segregation and structural disadvantage experienced by People of Color (Sampson et al.,
2018).
Further, a lack of social infrastructure can exacerbate the structural inequities that
are so deeply embedded in our societal structure. Social infrastructure, as explained by
Klinenberg (2018), is the physical environment in which we live that directs how we
interact with other people and our surrounding community making up our community
structure. Yet our social infrastructure is determined and influenced by the resources
invested in our community by the people within it and the governance outside of it. If
those within the community feel supported and connected, they show greater resilience in
catastrophic situations (Klinenberg, 2018). A lack of social infrastructure, which tends to
be more common in low-income areas, could lead to higher mortality rates due to a lack
of resources and deficiencies in community structure.
These societal and structural inequalities are deeply embedded in our society and
are contributing to the racial disparities in unidentified and missing persons numbers
(Tables 1 and 2) underscoring the need for research examining the rate at which people of
color are identified.

Systemic Racism in the Justice System
Because many forensic anthropologists work for law enforcement within the
medicolegal system, operating in both medicine and law (R. L. Hanzlick, 2003), it is
important to understand the research being done on the inequalities and biases within
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these systems. As medicine and law are decision-based systems where the decisions
made affect the lives of those they are serving, it is imperative to acknowledge the biases
that affect these systems. The amount of research in these areas reflects this cruciality.
There are many studies examining cognitive bias, whether it be explicit or
implicit, in surveillance and policing (Andersen, 2015; Byfield, 2019; Correll et al., 2014;
Gase et al., 2016; Ghandnoosh, 2015), evidence evaluation (Charman et al., 2017),
prosecution and sentencing (Edmond & Martire, 2019; Kutateladze et al., 2014; Mitchell
et al., 2005; Steffensmeier & Demuth, 2000), reporting of missing persons (Jeanis &
Powers, 2017; Moss, 2019; Sommers, 2016), and forensic analysis (Cooper & Meterko,
2019; I. E. Dror, 2012, 2015; Goliath & Cosgriff-Hernandez, 2021; Nakhaeizadeh, 2014;
Nakhaeizadeh et al., 2014, 2018). These studies not only show that cognitive bias and
systemic racism occur within the legal system, but they also highlight that these biases
are ignored or unacknowledged in many areas of the system. Cognitive bias, as described
by Edmond and Martire (2019), is a type of bias that operates even when an individual
believes they are thinking objectively and impartially. The U.S. justice system rests upon
the assumption that it is fair, just, and objective but this is impossible as every person
carries biases no matter their expertise, education, beliefs, etc. If the police officer, judge
(and jury), or forensic analyst are thought to be acting as unbiased observers and
decision-makers, in the “objective” U. S. justice system, then biases can persist. Law
enforcement and justice system officials are not transformed into objective, unbiased
beings as soon as they enter the workplace, they carry their biases with them. Therefore,
if unchecked, ingrained biases and stereotypes will continue to permeate the justice
system, resulting in socioeconomic and racial disparities. Cognitive biases are extremely
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difficult to detect, but it is imperative that we acknowledge the possibility of these biases,
and actively work to reduce their effects.

Surveillance and Policing
More recently, researchers have found that due to either the policies themselves,
underlying biases, stereotypes, and/or the community characteristics and structural
conditions, there are noticeable and traceable amounts of racial bias in surveillance,
policing actions, and policing policies. Newer policing and surveillance policies such as
“broken windows” policing and “stop, question, and frisk” procedures (Byfield, 2019)
have been shown to target BIPOC communities (Ghandnoosh, 2015). The more recent
policing era is centered on preventative methods to maintain order in communities, rather
than solely on crime-fighting (Byfield, 2019). The issues with these policies start with the
deployment of hyper-surveillance in BIPOC or low-income communities, where it is
believed having unaddressed minor crimes will lead to a criminal invasion. This results in
higher arrest rates in Black communities (Ghandnoosh, 2015). Gase et al. (2016)
examined the causes and extent of differences in arrest rates in young adulthood among
Black, Hispanic, and White individuals in the U.S. The results showed that Black
individuals had a significantly higher likelihood of being arrested, compared to White
individuals (odds ratio= 1.58). However, the racial disparities in arrest rates could not be
explained by differences in levels of delinquent behavior. Instead, these discrepancies
were better explained by neighborhood composition, providing evidence that policing
policies disproportionately target BIPOC communities leading to discrepancies in arrest
rates.
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These blatant biases are not limited to street policing. Surveillance discrepancies
are also noticeable in traffic stop data. A study in 2003 and 2004 in Kansas City found
that rates of investigatory stops, in which officers proactively stop individuals deemed
suspicious, differed by driver’s race (Ghandnoosh, 2015). It was also found that Black
and Hispanic individuals were three times more likely than White individuals to be
searched after being pulled over, and Black individuals were twice as likely to be arrested
after a traffic stop (Epp et al., 2014). These discrepancies continue to occur in
communities that have a higher contraband hit rate for searched White drivers than for
searched Black drivers (Ghandnoosh, 2015), providing further evidence of racial bias in
policing.
These biases are not only harmful, in that they result in higher arrest rates of
BIPOC individuals, but they are also physically dangerous. In 2001, the Department of
Justice reported that police officers are about five times more likely to shoot a Black
person than a White person (Brown & Langan, 2001; Correll et al., 2014). Surveys
conducted in 2002 and 2003 revealed that Hispanic individuals were twice as likely and
Black individuals were three times as likely as White individuals to experience physical
force or a threat of physical force during a police encounter (Eith et al., 2008). Police
officers are often acting in very dangerous, high-stress situations, and being in these
states of high stress may result in a cognitive load that leads an officer to disregard
previous training and to act on underlying beliefs or biases. Correll et al. (2014),
performed a study that utilized computer-based simulations of a police encounter to test
officer biases in hostile target situations. In these tests, the program shows a Black or a
White individual, with or without a weapon, and the participant must choose whether to
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shoot or not within a predetermined time limit. In the initial examinations, the officers
showed very small to no racial bias when deciding to shoot or not. Yet as the researchers
added further cognitive loads (having to remember number sequences, etc.) before the
officer is tested, they tended to display increased bias. Because sitting at a computer
without a real threat to your safety is different from the situations police officers
encounter daily, these cognitive loads were able to emulate how the brain would respond
to more realistic high-stress situations. Therefore, even highly trained officers tended to
act on underlying biases in intense and high-stress situations.

Evidence Evaluation
Studies have also shown the effects of cognitive bias in evidence evaluation
where a police officer’s initial beliefs of a suspect’s guilt greatly impacted their
evaluations of evidence. Charman et al. (2017) provided police officers with fictional
cases, asked them their opinions on the criminal’s guilt, and then asked them to evaluate
ambiguous pieces of evidence. It was found that if the police officer originally believed
the suspect to be guilty, they would evaluate the ambiguous evidence more harshly,
displaying a kind of confirmation bias (when someone favors information that supports
their initial claim over disconfirming information (Warren et al., 2018). This is
problematic in a society engrained in racialized thinking. Engrained stereotypes could
influence initial beliefs of guilt and in turn, lead to a harsher assessment of case evidence.
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Prosecution and Sentencing
Similar bias effects have been examined in criminal case processing and
sentencing. Levinson and Young (2010) performed a study to examine how a
perpetrator’s race could affect the way jurors evaluate evidence. In this study, the
participants were presented with a robbery scenario, case-related imagery (including an
image of a lighter-skinned or darker-skinned perpetrator), and pieces of ambiguous
evidence to be evaluated. After reviewing the case details and all pieces of evidence, the
participants were asked to place the perpetrator on a scale of 0-100 (0 being not guilty,
100 being definitely guilty) to measure perceived culpability. The researchers of this
study found when presented with the image of a darker-skinned perpetrator, the jurors
were more likely to evaluate ambiguous evidence as indicative of guilt. The skin tone in
the image also influenced the participants’ view of how guilty the perpetrator was. If they
were presented with an image of a darker-skinned perpetrator they perceived them as
more guilty, giving them higher numbers on the guilt scale (Levinson & Young, 2010).
This study clearly demonstrates the persuasive power of implicit stereotypes and biases in
decision-making scenarios.
Further research by Besiki et al. (2014), which assessed racial and ethnic disparity
in sentencing and prosecution, found that for all court outcomes that were examined,
(except for case dismissal) Black and Latino defendants received harsher treatment,
which is consistent with the idea that when court actors are presented with uncertainty
they may rely on their own perceived biases. Another study, examining race differences
in sentencing found that White individuals were the least likely to be incarcerated,
followed by Hispanic individuals, then Black defendants (Steffensmeier & Demuth,
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2000). Steffensmeier and Demuth (2000) also found that in all situations, no matter the
sentencing options or severity of the crime, White defendants were granted greater
leniency.

News and Media Coverage
Racial disparities have also been shown in the reporting of missing persons in the
news and media (Jeanis & Powers, 2017). Although law enforcement considers media
sources to be useful tools in communicating with the public about missing persons, news
and media sources base their coverage choices and intensity on the characteristics of the
victims (Jeanis & Powers, 2017). Therefore, the amount of media exposure a missing
person receives generally relates to their socioeconomic status, sex, and race. Jeanis and
Powers (2017) found that White victims receive almost three times as much media
attention as minority victims. This media coverage phenomenon is often referred to as the
“Missing White Women Syndrome”, referring to the disparity in media coverage in cases
involving a White woman versus cases involving a man and/or a person of color. The
light in which cases are told through the media is also dependent on the sex and social
race of the individuals involved. Jeanis and Powers (2017) found that news stories
involving men or minority individuals were often framed as cautionary tales, placing
some of the blame on the victim’s possible deviant behavior as a reason for victimization.
By examining missing person coverage on multiple popular online news sources,
Sommers (2016) found that missing Black individuals and missing men were not only
less likely to receive media attention than other missing individuals, but they also
received less intense coverage when their stories were covered.
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Such disparities could influence the resources allocated in missing person cases
and could further negatively impact the societal perception of the victim. It has also been
mentioned that a case outcome can influence the amount of media coverage it receives.
Cases with positive or resolved outcomes will receive more media attention than those
that remain unsolved (Jeanis & Powers, 2017). This can act as a negative feedback loop
when higher ratios of people of color are missing and receiving less media attention,
which can be detrimental to the solving of a case or the finding of a missing person. If
these cases are solved at slower and/or lower rates then they will continue to receive less
media attention, continuing this negative feedback loop and the disparity in media
coverage.
There are additional concerns that the missing persons alert systems, such as
AMBER alert, are used disproportionately for White missing children than Black missing
children. Moss explained that because of underlying stereotypes and biases, missing
Black children are more likely to be labeled as runaways (2019), which disqualifies their
case for an AMBER alert. Mislabeling a missing child as “runaway” delays search and
rescue efforts and delays the spread of information that may be necessary to find them.
Alert systems that focus on children of color have been developed and put into practice in
some states but are much less well known and widespread. To bridge the inequity in the
reporting of missing children of color these types of alert systems are necessary, yet they
still require more support to enact them on a federal level (Moss, 2019).
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Forensic Analysis
Lastly, research has shown that practices and the practitioners of forensic science
are also influenced by external and internal biases. Since Strengthening Forensic Science
in the United States: A Path Forward was released, attention has been drawn to the
effects of cognitive biases in the forensic sciences. Most, if not all, forensic sciences
involve human interpretation of data, to come to a conclusive result. It is known that
complete objectivity is impossible, even within scientific fields that claim to be impartial
and objective. Research has revealed that biases, in many different forms, affect forensic
scientists and are reflected in their conclusions (Cooper & Meterko, 2019; I. E. Dror,
2012; Klales & Lesciotto, 2016; Nakhaeizadeh, 2014; Nakhaeizadeh et al., 2014, 2018).
It is extremely important to address these biases as many forensic scientists are analyzing
incriminating or exonerating evidence and/or human remains; the conclusions drawn
from their analyses are life-altering for those involved in the cases.
Bias has been researched in fields such as fingerprint analysis, bitemark analysis,
bloodstain patterning, DNA analysis, hair analysis, handwriting, shoeprint analysis,
auditory evidence, and tool mark analysis, dog handling, and crime scene investigation,
but for the relevancy of this study, the research concerning forensic pathology and
forensic anthropology will be detailed further.
Although analysts practicing in fields, such as forensic pathology, utilize
technologies to assist them in their examinations, the conclusions written in their reports
are made by a human examiner. This is the case for many of the forensic sciences but is
especially concerning when the analyst is dealing with human remains. To determine the
biases that are affecting forensic pathologists and to understand where they originate,
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Dror et al. (2012) performed an experiment using 133 forensic pathologists. In this
experiment, the subjects were provided with a hypothetical child’s death case description
and were asked to determine the cause of death. All participants were provided with the
same medical information but were given different extraneous “irrelevant” information
including the race of the child and who the child’s caretaker was. The authors found that
the forensic pathologists were more likely (about 5 times) to determine the cause of death
as a homicide when the child’s race was listed as Black when compared to the children
listed as White. Clearly showing that the extraneous irrelevant case information
persuaded the decisions of the forensic pathologists. It should also be acknowledged that
in this study the practitioners had the option to state the death as undetermined,
reiterating that the analysts were confident in their decisions and unaware of the biases
they were expressing.
Similarly, forensic anthropologists are vulnerable to implicit biases, such as
confirmation or expectation bias(when observation is influenced by expectations from
inherent biases, prior experience, etc.) (Winburn, 2018). This is because of the somewhat
subjective methodology and the use of gestalt, commonly employed by analysts. It has
been shown that this unavoidable behavior can influence an anthropologist’s examination
throughout the entire analysis process. If an analyst even subconsciously estimates an
unknown individual’s sex, age, and/or ancestry from their initial gestalt, the rest of their
analysis is influenced by that initial opinion (Klales & Lesciotto, 2016).
Forensic anthropologists also commonly come across ambiguous results, where
bias could easily sway them one way or another. Consider an anthropologist is estimating
the sex of an unknown individual, and their result is indeterminate (the individual does
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not have a particularly masculine or feminine skeleton that would be telling of their
biological sex). Yet the anthropologist has access to the report from the recovery team
that collected the remains, which states that the individual was found in female clothing.
Although this evidence does not mean that the individual was a female, this contextual
information could sway the anthropologist to rethink their estimation. Nakhaeizadeh et al.
(2018), performed a study that utilized a scenario like the one described above. In this
study, the authors found that the analyst’s estimations of sex were heavily influenced by
the contextual information they were provided prior to their examination (Nakhaeizadeh
et al., 2018). Further research has shown that extraneous information has the potential to
affect ancestry and age estimations, as well as trauma assessment (Nakhaeizadeh et al.,
2014, 2018).
To mitigate the biases in forensic analyses, it is important that the analysts are
aware of the possible factors that could be influencing their conclusions. Many
researchers suggest that forensic practitioners only conduct completely blind analyses
(Charman et al., 2017; Cooper & Meterko, 2019; I. E. Dror, 2012; Jeanguenat et al.,
2017; Nakhaeizadeh et al., 2014). Although this sounds good in theory, this can be
difficult or impossible in some scenarios, where there is only one analyst employed that
is required to assist in other aspects of the case, such as recovery. In some disciplines,
analyses are strengthened by certain contextual information but weakened and swayed by
other unnecessary information. This is the case in forensic anthropology, where some of
the field recovery notes may be essential for the anthropologist to correctly interpret
taphonomic alterations, PMI, or possible traumas. Therefore, a blind analysis could be
beneficial, but further research is required to determine which evidence is essential for
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certain forensic analyses and what is not. Another potential bias mitigation technique
could be a blind peer review process, where other analysts are required to check their
peer’s work but are not aware of the original results before performing their own analysis
(I. E. Dror, 2012; Jeanguenat et al., 2017). More research is needed to determine which
methods work best to mitigate bias in each respective field, but this research is a
necessary step to acknowledge and lessen the effects of bias in the forensic sciences.
The aforementioned research within law enforcement, the justice system, and
forensic science shows that all individuals working within these systems are susceptible
to cognitive bias. This is not to say that any of these individuals are not fit for their
occupation or that they are bad at their jobs. It is just necessary that we recognize that
everyone, no matter their level of education, expertise, authority, or prior beliefs is
subject to bias. It can appear that these instances of bias and the effects they have are
minimal, or in some instances unnoticeable. But within these systems biases snowball
and are amplified as they move through the system, contributing to the extreme
discrepancies and overrepresentations of people of color in arrest and incarceration rates,
and in the numbers of missing and unidentified individuals, we see today. All of these
underscores the need for research to investigate the medicolegal identification processes.
It is assumed, because of factors such as societal and structural inequalities,
cognitive bias, mistrust in law enforcement, ambiguous terminology within the
medicolegal system, and a disconnect between forensic anthropological estimations of
ancestry and an individual’s actual racial identity, that People of Color are identified at a
slower rate than White individuals. To ensure that structural violence does not continue
after an individual’s death, identification rates (how fast an unknown decedent was
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positively identified) were examined. This research seeks to highlight any potential
discrepancies in identification rates and discuss whether forensic anthropological
analyses could contribute to discrepancies through the reporting of ancestry estimations.
It should be acknowledged that the goal of this study is not to critique any methodology
utilized within forensic anthropology or the medicolegal system broadly. It is rather to
examine identification rates to determine if patterns exist that suggest racial bias and
discrimination within the medicolegal system.
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Chapter 2: Methods
For this thesis, forensic case data from Wayne and Ingham Counties in Michigan
was gathered (n=105), from the years 2014 through 2022 (Figure 1). Only cases with
anthropological consultation were examined. These two counties in Michigan were
chosen primarily because the State of Michigan adheres to a Medical Examiner system,
where forensic anthropologists are either County employees or consultants on cases that
require skeletal analysis or radiographic analysis for identification. Additionally, Wayne
County has relatively high case numbers that require anthropological assistance, which
allowed for the collection of a large sample size. Wayne County Medical Examiner’s
Office investigates deaths that occur in the city of Detroit, which is a large urban center
in Michigan. It is also an area with a unique political, socioeconomic, and demographic
history, that has led to high poverty rates, poor health statistics, and large numbers of
condemned buildings within the city of Detroit (Moore & Kim, n.d.; Safransky, 2014), all
of which result in large numbers of forensic cases.
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Map of Case Numbers by County
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Figure 1: Map of Michigan, showing density of cases by County in the dataset.

Publicly available online databases such as NamUS (https://www.namus.gov/)
and the U.S. Census (https://data.census.gov) were also used to collect data. NamUS was
used to gather missing and unidentified persons numbers for the U.S. as a whole and for
Michigan specifically. NamUS is an active database that is updated frequently by law
enforcement agencies, so it should be noted that the data for this research was collected
on 9/21/21. The U.S. Census data were used to collect population and demographic
information such as total population, estimated population race percentages (as reported
by the U.S. Census Bureau2; Table 3), median household income, and persons in poverty,
for the U.S. broadly and for the counties and cities in Michigan where the decedents

2

U.S. Census Bureau follows the 1997 Office of Management and Budget (OMB) guidelines for race and
ethnicity definitions (https://www.census.gov/topics/population/race/about.html)
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lived. These data were gathered to address and include the socioeconomic factors that
potentially could be contributing to discrepancies in identification rates.

Table 3: Race category definitions provided by the U.S. Census Bureaua
Categoryb

Definition

White

A person having origins in any of the original peoples of
Europe, the Middle East, or North Africa.

Black or African American

A person having origins in any of the Black racial groups of
Africa.

American Indian and Alaska Native

A person having origins in any of the original peoples of North
and South America (including Central America) and who
maintains tribal affiliation or community attachment.

Asian

A person having origins in any of the original peoples of the
Far East, Southeast Asia, or the Indian subcontinent including,
for example, Cambodia, China, India, Japan, Korea, Malaysia,
Pakistan, the Philippine Islands, Thailand, and Vietnam

Native Hawaiian and Other Pacific Islander

A person having origins in any of the original peoples of
Hawaii, Guam, Samoa, or other Pacific Islands.

ahttps://www.census.gov/topics/population/race/about.html
bU.

S. Census webpage notes that concept of race is separate from the concept of Hispanic origin

To gather Michigan case data, a data collection form was created to standardize
the information that needed to be gathered for each case (Figure 2). The form included
case information such as the biological sex, ancestry/race, and age of the identified
decedent, decedent’s residential city, state, county, and zip code, case start date, date the
decedent was positively identified, tentative ID status, homelessness status, history of
drug abuse and/or mental illness, method of identification, manner of death, cause of
death, recovery location, employment status, education level, condition of remains,
forensic anthropological estimations (age, sex, ancestry, stature, trauma, pathological
conditions, individuating features), and other miscellaneous case notes. It should be noted
that although the OMB standards (Haden-Pinneri et al., 2012) recognize “Hispanic” as an
ethnicity category and record it separately from race, “Hispanic” was recorded as a race
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category on the medicolegal documentation examined for this study. Although the
fundamental data that were necessary for the analysis were the decedent’s estimated
ancestry, their actual ancestry, the case start date, and the identification rate, all other data
were essential in that they could contribute to how quickly an individual was identified.
For example, if a decedent was recorded as homeless, they may have fewer or no
antemortem records on file, making it more difficult to identify them even with a
presumptive or tentative identification. When examining the numbers of identified
individuals to determine whether discrepancies exist between People of Color and White
individuals, it was essential to understand how these factors affect identification rates and
to control for them in the following analyses.
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Figure 2: Form used to collect data from Wayne and Ingham County Medical Examiner's Offices
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The collected data were entered into a spreadsheet for further examination. Some
of the variables were coded to enable statistical analysis. Such variables were:
homelessness status (0=No, 1=Yes), sex (0=Male, 1=Female), history of drug abuse
(0=No, 1=Unknown, 2=Alcohol use, 3=Drug use, 4=Drug and alcohol use), history of
mental illness (0=No/Unknown, 1=Yes), tentative ID (0=No, 1=Yes), and condition of
remains (1=Skeletonized, 2=Decomposed, 3=Mummified, 4=Thermal Damage,
5=Dismembered). The dates that the cases were started and the dates that the decedents
were identified were used to calculate the rate (in days) at which individuals were
identified.
Statistical analyses were completed using RStudio version 2022.02, and figures
were created using the package ggplot2 (Hadley, 2016; R Core Team, 2022; RStudio
Team, 2022). Descriptive statistics were calculated to provide an overview of the samples
from Ingham and Wayne Counties, and to recognize any immerging patterns such as
mean and standard deviation of identification rates, and percentages for the reported race,
homelessness status, condition of remains, manner of death, and method of identification
categories. Average residence city median household income and average residence city
poverty rates were also calculated. Subsequent statistical tests were run including,
Kruskal-Wallis one way analysis of variance, Spearman’s rank correlation coefficient,
Two-sample t-test, Wilcoxon Rank Sum test, and Welch’s two-sample t-test to evaluate
the possible relationships between identification rate and other variables, such as reported
race, sex, residence city median household income, residence city poverty status (above
or below the national average), homelessness status, manner of death, and method of
identification.
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Due to the abnormal distribution of the identification rate variable (figure 3;
figure 4) and the large numbers of outliers (Salkind, 2007), a Kruskal-Wallis One-Way
Analysis of Variance test was used to examine the relationship between identification rate
(in days) and reported race. Some of the reported race categories had very few
individuals in them, so the groups (African American/Black, American Indian/Alaskan
Native, Hispanic, and White) were condensed into two categories, People of Color
(includes those reported as African American/Black, American Indian/Alaskan Native,
and Hispanic) and White individuals. Individuals with a reported race of “Unknown”
were left out of this grouping. It should be acknowledged that this grouping was done to
enable a more meaningful statistical analysis. The grouping of minority populations and
their experiences is problematic in many contexts. Yet in this situation, this grouping is
not to dismiss or invalidate the different experiences and discriminations that are faced by
different minority populations. With those two groups, Welch’s two-sample t-test was
performed. This test was used after a Levene test for Homogeneity of Variances revealed
that the group variances were unequal (F=5.00, p=0.028) (Taeger & Kuhnt, 2014).
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Figure 4: Distribution of the Identification rate variable with outliers removed

Figure 3: Distribution of Identification Rate variable

Kruskal-Wallis One-Way Analysis of Variance tests were also used to look at the
relationships between identification rate and manner of death, and identification rate and
method of identification. The relationships between identification rate and sex, and
identification rate and residence city poverty status (above or below the national average)
were tested using Two-Sample T-tests. The non-parametric alternative Wilcoxon Rank
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Sum test was used to examine whether the identification rate differed by homelessness
status. This test was utilized because the groups did not have sufficient sample sizes
(n<15) and a Shapiro-Wilks Normality test revealed that the identification rate variable
was not normally distributed (W=0.46, p<0.05)(Xia, 2020). Spearman Rank correlation
test was used to examine the correlation between identification rate and residence city
median household income. This nonparametric test was used due to the abnormal
distribution of the identification rate variable (Zar, 2014).
The collected data from the Wayne and Ingham County Medical Examiner’s
Offices, and the online databases NamUS and the U.S. Census, allowed for the analysis
of identification rates in relation to other demographic factors such as the decedents
reported race, sex, median household income, poverty status, and homelessness status.
Identification rate in relation to other case-specific variables was also examined,
including the condition of remains, manner of death and method of identification.
Although the aim of this research is to identify whether there are discrepancies in
identification rates within the U.S. medicolegal system, the unique demographic factors
of the two areas examined should be kept in mind. Further research should be conducted
in other areas of the U.S. to attain a fuller picture of the discrepancies occurring within
the U.S. medicolegal system. Moreover, it should be acknowledged that this research is
only able to highlight the inequities in the identification rates. From the data collected it
is not possible to pinpoint what is causing the discrepancies, although possible
contributory factors will be discussed.
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Chapter 3: Results
Of the 105 cases from both Wayne County and Ingham County Medical
Examiner’s (ME) Offices, most decedents were reported as either White (57%) or
African American/Black (34%), while 6% of cases were reported as Unknown, 2% were
reported as Hispanic, and 1% were reported as American Indian/Alaska Native. The
sample was 30% female and 69% male (1% unknown), with a mean age of 46.7 years
(Table 1). The mean residence city median household income was $43,887.33 and the
mean residence city poverty rate was 23.6%.
As for case details, the manner of death was most frequently reported as
indeterminate (35%), followed by homicide (21%), accidental (15%), natural (14%), and
suicide (8%). Homicide was the most common manner of death for those reported as
African American/Black (n=14) and followed by those reported as White (n=8). To
make a positive identification, a radiological methodology was used most often (27%),
followed by dental (23%), DNA (10%), fingerprint (9%), circumstantial (8%), visual
(10%), and anthropological (3%) methods (12% had unknown methods of identification).
27 of the 105 cases had tentative identifications from informant tips, identification cards,
circumstantial evidence, visual identification, or other identifying objects found at the
death scene such as hospital bands. Condition of remains was reported for 47 cases, of
which 19 were reported as partially skeletonized or skeletal, 16 were listed as
decomposed, 9 were mummified, five had reported thermal damage, and one was
dismembered. The mean identification rate for the whole sample was 59.6 days. Over
half of the decedents were identified within three days (58%) and most individuals were
identified within eight days (71%). Of the four individuals reported as homeless, the
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mean identification rate was 91 days. Decedents reported as skeletonized had a much
greater identification rate (143 days) than those reported as decomposed (8 days),
mummified (50 days), burned (64 days), or dismembered (0 days). A summary of the
data is presented in table 4.
Table 4: Sample Characteristics
Ingham County
Characteristic
Cases

Wayne County

Overall

n (%)

n (%)

n (%)

28 (27%)

77 (73%)

105 (100%)

2 (7%)

34 (44%)

36 (34%)

24 (86%)

36 (47%)

60 (57%)

Racea
African American/Black
White
American Indian/Alaskan Native

1 (4%)

Hispanic

1 (1%)
2 (3%)

2 (2%)

1 (4%)

5 (7%)

6 (6%)

Male

21 (75%)

51 (66%)

72 (69%)

Female

7 (25%)

25 (32%)

32 (30%)

1 (1%)

1 (1%)

Unknown
Sexa

Unknown
Homelessness Status
Homeless

1 (4%)

3 (4%)

4 (4%)

25 (89%)

53 (69%)

78 (74%)

2 (7%)

21 (27%)

23 (22%)

Above National Average

21 (75%)

40 (52%)

61 (58%)

Below National Average

6 (21%)

12 (16%)

18 (17%)

Unknown

1 (4%)

25 (32%)

26 (25%)

Homicide

1 (4%)

21 (27%)

22 (21%)

Accident

5 (18%)

11 (14%)

16 (15%)

Natural

8 (29%)

7 (9%)

15 (14%)

Suicide

8 (29%)

Indeterminate

6 (21%)

Not Homeless
Unknown
Residence County Poverty Statusb

Manner of Death

Unknown

8 (8%)
31 (40%)

37 (35%)

7 (9%)

7 (7%)

Method of Identification
Radiological

26 (93%)

Dental
DNA

28 (27%)
24 (23%)

10 (13%)

10 (10%)

Fingerprints

1 (4%)

8 (10%)

9 (9%)

Circumstantial

1 (4%)

7 (9%)

8 (8%)

10 (13%)

10 (10%)

3 (4%)

3 (3%)

13 (17%)

13 (12%)

Visual
Anthropology
Unknown
aAs

2 (3%)
24 (31%)

reported in the decedents case information at the respective ME’s Offices
bDecedent County Poverty Rate compared to National Average (12.3%) (https://data.census.gov)
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There were demographic and forensic differences between the samples collected
from Ingham County and Wayne County Medical Examiner’s Offices. Data from 28
cases were collected from the Ingham County ME office, whereas data from 77 cases
were collected at Wayne County ME’s Office. In the Ingham sample, 7% of decedents
were reported as African American/Black, 86% were reported as White, 4% were
reported as American Indian/Alaskan Native, and 4% as Unknown. From Wayne County
ME’s Office, 44% of decedents were reported as African American/Black, 47% were
reported as White, 3% were reported as Hispanic, and 7% were reported as Unknown
(Table 1). Identification rates in these two areas also differed greatly. The mean
identification rate for the cases collected at Ingham County ME’s office was four days,
while the mean identification rate among cases from Wayne County Me’s Office was 108
days. The mean identification rate differed by race, regardless of the data source. In the
Ingham County ME Office cases, the mean ID rate for those reported as Person of Color
(POC) was two days, compared to four days among those reported as White. In the
Wayne County cases, the mean ID rate for those reported as POC was 108 days,
compared to 51 days among those reported as White.
Considering all cases, a Kruskal-Wallis test revealed that race was not
significantly associated with identification rate at the .05 significance level when race
was categorized as African American/Black, White, American Indian/Alaskan Native,
Hispanic, and Unknown (H(5)=8.66), p=.123) (Figure 5). Once the reported race
categories were condensed into two groups (POC and White), a Welch’s two-sample ttest was performed resulting in a t-value of -2.12 (df=73.61, p=.037), indicating a
significant difference in the identification rate between the individuals reported as White
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and those reported as People of Color. Subsequently, a Cohen’s D test for effect size was
run, resulting in an estimate of 0.4 indicating the difference in identification rate between
the two groups has a small to medium effect size (Cohen 1988). These results are
supported by the large differences in the mean identification rate for the POC group (100
days) and those reported as White (32 days) (Figure 1; Table 5).

Figure 5: Identification Rate (in days) by Reported Race

Large outliers in the identification rate variable were defined using the Box Plot
Statistics function in RStudio (R Core Team, 2022; RStudio Team, 2022). After
removing the outliers using the ggplot2 package in RStudio (Hadley, 2016; R Core Team,
2022; RStudio Team, 2022), the mean identification rate for those reported as POC was 6
days and for those reported as White was 4 days (Figure 6; Figure 7).
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Table 5: Condensed Reported Race Categories ID Rate Information
Condensed Reported Race Category

Mean ID Rate (days)

ID Rate Range (days)

People of Colora

100

0 - 284

Whiteb

32

0 - 152

acategory
bcategory

includes those reported as African American/Black, American Indian/Alaskan Native, and Hispanic
includes those reported as White

Figure 6: Box and whisker plot that shows the identification Rate (in days) comparison between White and POC
categories (red dot represents the mean, black line represents the median).
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Figure 7: Box and whisker plot showingthe identification rate (in days) comparison between White and POC
categories, with outliers removed (red dot represents the mean, black line represents the median).

Decedent’s sex, residence city median household income, residence county
poverty status (above or below the national average), homelessness status, and manner of
death were not significantly associated with identification rate (Table 2). The
identification method was marginally associated with the identification rate based on a
Kruskal-Wallis test (H (7) =13.06 p=.071). Results of the statistical tests performed are
presented in table 6.
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Table 6: Statistical Results for Characteristics tested against Identification Rate variable

Characteristics
Racea
Race

(condensed)b

Sexd
Residence City Median Household

Incomec

Residence County Poverty Statusd
Homelessness Statuse
Manner of Deatha
Method of

Identificationa

aKruskal-Wallis
bWelch's

Two-Sample T-Test
Rank Correlation
dTwo-Sample T-Test
eWilcoxon-Mann-Whitney Rank Sum test
*statistically significant at the 0.05 level
•statistically significant result at the 0.1 level
cSpearman

Test Statistic

p-value

Degrees of Freedom (if applicable)

H = 8.66

0.123

5

t = -2.12

0.037*

73.61

t = -1.13

0.264

41.47

r = -0.04

0.705

77

t = -0.08

0.938

21.42

W = 130.5

0.586

H = 3.43

0.489

4

H = 13.06

0.071•

7
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Chapter 4: Discussion
The results show that within the collected sample there are significant differences
in the rate at which a decedent is identified between reported racial groups. The mean
identification rates for those reported as White and those reported as POC support the
alternative hypothesis, stating that identification rates of those reported as White were
faster than those reported as Black, Indigenous, and/or other People of Color (BIPOC).
This suggests that racial disparities in identification rates do exist in cases that involve
anthropological consultation and analyses. As one of the many contributors to the
identification of an unknown decedent, forensic anthropologists need to recognize these
discrepancies and how their analysis may contribute to them.
Due to the complex nature of forensic cases and the medicolegal identification
process, it is difficult to pinpoint why identification rates differed between White and
POC cases. It was considered that case factors such as conditions of remains, method of
identification, and manner of death could influence the identification rate. Though from
the results it is thought that this cannot completely explain the racial disparities that were
observed in the identification rate. Previous research has suggested that societal and
structural inequalities that disproportionately affect marginalized individuals could
further impede the identification process (R. Hanzlick & Smith, 2006). Thus, it is also
considered that factors such as overrepresentation in forensic casework, large caseloads,
high poverty rates, homelessness, and lack of antemortem records could explain the
observed disparity in the current study. Other factors such as implicit and/or explicit bias
of individuals working on the cases, mistrust in law enforcement and medicolegal
professionals, ambiguous terminology used to describe ancestry or social race within the
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medicolegal system, and a disconnect between ancestry/race reported by the medicolegal
professionals and the decedent’s actual identity are thought to affect the identification
process as well and will be discussed as possible causes for the racial disparities in
identification rates.

Influence of Case factors
Previous research has concluded that the most difficult cases, with the longest
turnaround times, involved decomposed, skeletonized, or burned remains (R. Hanzlick &
Smith, 2006). This was supported in this data as there were large differences in the
identification rates for cases involving skeletonized individuals (143 days), versus those
involving decomposed (8 days), mummified (50 days), burned (64 days), and/or
dismembered remains (0 days). Yet the number of individuals within each group was
small, so it was difficult to perform further analyses to determine if this contributed to the
racial disparities in the identification rate. Though it is known that high frequencies of
vacant lots and empty spaces, common in lower-income urban areas such as Detroit,
could lead to greater numbers of decomposed and/or skeletonized unidentified decedents
(Garvin et al., 2013; Moore & Kim, n.d.; Safransky, 2014). These spaces are thought to
provide areas for criminal behavior such as violence, drug use (Garvin et al., 2013),
and/or providing shelter for those that are houseless. Which could lead to larger numbers
of cases involving decomposed individuals who had died or were deposited in isolated
areas where people rarely venture. As mentioned previously, cases that include
decomposed individuals are known to be more difficult with longer identification
turnaround rates (R. Hanzlick & Smith, 2006). In these cases, forensic personnel are
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required to employ methods such as DNA testing or bioanthropological skeletal analysis
to obtain evidence from the remains. It has been found that DNA and other forensic
biological methods take longer than other methods (Omari et al., 2018). Because larger
numbers of vacancies and empty spaces are found in low-income areas, this issue could
disproportionately affect those living in those areas, which tend to disproportionately be
People of Color. Thus, cases involving decomposed and/or skeletonized remains could
disproportionately be People of Color and consequently would require methods of
identification that take longer, contributing to the racial disparities in identification rates.
In these data, the method of identification was marginally associated with the
identification rate, and thus could be contributing to the racial disparities observed.
Condition of remains and recovery area should be collected more thoroughly and for
larger sample sizes in future research to fully understand if they are related to reported
race and thus related to identification rate disparities.
It was also considered that manner of death could affect the identification rate of
an individual. Previous studies have found that those with homicide or suicide reported as
their manner of death are identified faster when compared to other reported manners of
death. Death ruled a homicide may be given priority due to the need to produce results
quickly for active investigations or court hearings (Lerer & Kugel, 1998). It was also
reported that the increased rate of identification in cases of suicide may be because many
of those who commit suicide are from more affluent areas (Lerer & Kugel, 1998).
Further, it has been reported that in the U.S. in 2007 Black males had the highest rates of
homicide, followed by American Indian/Alaskan Native, and Hispanic individuals
(Logan et al., 2011), which was reflected in this data as well as those reported as African
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American/Black had the highest number of deaths reported as a homicide. Thus, the
reported manner of death could contribute to racial differences in identification rate, yet
the results of the current research showed that manner of death was not associated with
identification rate. This could mean that although decedents ruled as victims of homicide
are generally identified faster and People of Color are reportedly victims of homicide at
greater rates, there are other factors at play that are causing the racial disparities observed
in this study. It could also be because of sample differences, small group sizes, or other
unknown factors and should be examined further in future studies.

Structural inequalities
Although some case factors seemingly contribute to the racial disparities in
identification rate, it is thought that the discrepancies observed in this study could reflect
larger missing societal issues and structural violence that disproportionately affect People
of Color. As previously discussed, there are racial discrepancies in the numbers of
missing and unidentified persons numbers (Byrnes et al., n.d.), due to the structural
inequalities and systemic racism that are ever-present in the U.S (Table 1). Higher
numbers of People of Color are in poverty and lower socioeconomic positions, which has
contributed to the overrepresentation of marginalized populations in forensic cases
(Byrnes et al., n.d.; Moore & Kim, n.d.; Sampson et al., 2018; Williams, 1999). This in
turn could be associated with the longer identification rates for those reported as BIPOC.
Infrastructural issues and/or inequalities lead to larger caseloads in lower-income and/or
urban areas, homelessness, inadequate access to resources such as medical care, and large
amounts of space and vacant buildings that act as spaces for violence, drug use, and/or
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squatting, all of which contribute to the overrepresentation of POC in forensic casework.
The results from the current study are in line with past research that has identified
structural causes of racial inequalities as a disproportionate number of cases in the sample
were POC. POC make up just 21% of Michigan’s population but accounted for 37% of
the cases in the current study, whereas 74% of Michigan’s population is White but only
made up 57% of the cases. Systemic factors that contribute to a disproportionate number
of POC missing and unidentified persons may also explain the racial disparity in the
identification rate observed in this study.
These factors are especially pronounced in large urban areas, such as Detroit,
where much of the data for this study was obtained. The unique political and economic
history of Detroit, Michigan has resulted in a very poor infrastructure within the city,
high rates of poverty, disparities in mortality rates, and high numbers of forensic
anthropology cases (Moore & Kim, n.d.). As discussed by Polednak (2000), from 1994
through 1996, Detroit was among the top five urban areas in the U.S. with the highest
discrepancies between Black and White death rates for those under 65 years. It has also
been reported that Detroit’s poverty rate is much higher than the national average (35%
and 11.4%) (https://data.census.gov). Furthermore, the income of those in poverty in
Detroit is lower than the reported poverty levels in the other areas of the U.S. (Geronimus
et al., 2020). This was reflected in the sample for this study, with the cases from Wayne
County having a mean median household income of $41,175 and a mean poverty rate of
25%, which are both below the national averages ($65,712 and 12.3%, respectively)
(https://data.census.gov).
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As mentioned previously, high poverty rates are associated with higher mortality
and lower health incomes (Polednak, 2000; Sampson et al., 2018; Schulz et al., 2012;
Williams, 1999), which contributes to greater forensic caseloads (Lerer & Kugel, 1998).
It is possible that observed racial disparities in identification rates could be explained by
variation in poverty rates, however this study was limited by a lack of variation to
perform such an analysis. Future research should explore income differences and poverty
rates in a larger sample, to determine if these factors could be associated with the racial
disparities in identification rates.
The large caseloads in areas with high rates of poverty, such as Detroit, could
result in a prolonged identification of unidentified decedents. Previous studies have found
that on average a forensic anthropologist will author about 12.33 skeletal analysis reports
per year to assist in the identification of unidentified decedents (Pilloud et al., 2022).
While the caseloads calculated from the Ingham and Wayne County data rarely exceeded
the average caseload (Wayne has 14 recorded cases that were positively identified with
anthropological assistance in 2018), the data collected for this study only contained the
cases that were positively identified. Therefore, it is possible that the caseloads in these
counties exceeded the average calculated by Pilloud et al. (2022). Which could contribute
to racial disparities in identification rate if anthropologists with large caseloads are
working in areas with a greater number of POC. Although the data for this research is
unable to formally assess the influence of caseload on identification rate, this relationship
should be investigated in future research.
Homelessness is also associated with poverty and higher death rates and is
another potential explanation for the racial disparity in the identification rate. Previous
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studies have found that in casework, problems arise in the identification process for
homeless individuals with no clear social connections with family/friends who could act
as informants and/or help access records for comparison (R. Hanzlick & Smith, 2006).
Because People of Color experience homelessness at higher rates than White individuals
(Fowle, 2022), and homeless individuals are overrepresented in the forensic casework,
homelessness could explain the disparities observed in identification rate. The mean
identification rate for those reported as homeless (n=4) in this study was much greater
than the mean identification rate for those reported as not homeless (92 days versus 44
days). A larger sample size is needed to determine if this is a broader trend as only four
individuals in the current sample were reported as homeless. It should be noted that those
reported as homeless could make up a large proportion of cases that remain unidentified
due to the complete lack of records or contacts in some cases involving homeless
individuals. Further research into this possibility is needed to conclude whether this is the
case.
Impoverished individuals, including those reported as homeless, commonly lack
adequate access to medical services, including dental care (Williams, 1999). Because
structural inequalities and racist policies have resulted in higher numbers of People of
Color in lower socioeconomic positions, this issue disproportionately affects People of
Color (Williams, 1999). Many of the methods used to identify an unidentified decedent
require antemortem medical records, such as radiographs, CT scans, MRI, and/or other
medical imagery, for comparison. Thus, a lack of access to medical care, which is more
common among POC, may hinder the identification process among this group and
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partially explain the relationship between race and identification rate observed in this
study.

Implicit/Explicit Bias
The observed racial disparity in identification rates between POC and White
individuals could also be explained by bias. Systemic racism and biases have been
studied in many areas of the justice system and law enforcement. The previous research
shows that no matter the level of expertise, education, authority, or prior beliefs, the
professionals within the justice and medico-legal system are subject to biases (Andersen,
2015; Byfield, 2019; Charman et al., 2017; Cooper & Meterko, 2019; Correll et al., 2014;
Edmond & Martire, 2019; Gase et al., 2016; Ghandnoosh, 2015; Jeanis & Powers, 2017;
Kutateladze et al., 2014; Mitchell et al., 2005; Moss, 2019; Sommers, 2016;
Steffensmeier & Demuth, 2000). The forensic sciences are especially prone to implicit
bias due to the subjective nature of commonly utilized methods (I. E. Dror, 2012; Goliath
& Cosgriff-Hernandez, 2021; Nakhaeizadeh, 2014; Nakhaeizadeh et al., 2014, 2018). It
has been shown that racial biases affect the forensic pathological decision-making
process (Dror et al., 2021). Further, it has been found that racially biased contextual
information and “gestalt” can affect ancestry estimation in anthropological assessments
(Nakhaeizadeh, 2014). These biases could cause errors throughout the identification
process, which could hinder or completely derail an investigation. Therefore, it is
reasonable to assume that these biases could affect the way an unidentified and/or
missing persons case is handled.
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Understanding how anthropological reports could hinder identification reports is
essential. As discussed by Bethard and DiGangi (2020) it is not only scientifically
important that an anthropologist is aware of how their results are used and interpreted,
but it is also an ethical obligation. Further Bethard and DiGangi (2020), introduce the
paradox “that racial bias on the part of the investigators may hinder identification efforts
when the major goal of forensic anthropology is to get people identified” (ibid, p. 1792).
It has been suggested that the ancestry or race reported by the forensic anthropologist
could hinder the identification process indirectly, as other actants in the process could
lower the prioritization of cases that involve People of Color (Bethard & DiGangi, 2020).
Forensic anthropologists could also be biased in handling, analyzing, and reporting cases.
Both of which require further investigation.
It was also assumed that due to the phenomenon called “missing white woman
syndrome” (Jeanis & Powers, 2017), those reported as female would be identified faster
than those reported as male. This was not supported by the current study, as there was no
relationship between the decedent’s sex and their identification rate. Thus, the results
from the current study support the notion that identification rate is not influenced by the
male/female bias present in media coverage.

Effects of Mistrust
The racial biases and inequalities within law enforcement and the justice system
have led to a lack of trust in the systems and individuals that are tasked with maintaining
peace and order among certain groups. This lack of trust in law enforcement was
illustrated with the recent Black Lives Matter movement and protests to “defund the
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police”, in response to blatant police brutality against people of color. Mistrust of law
enforcement, and/or medicolegal professionals associated with law enforcement, could
result in less informant participation and hinder the identification process as family,
friends, and community members often provide crucial information for solving
unidentified and/or missing persons cases (Goliath & Cosgriff-Hernandez, 2021; Salado
Puerto et al., 2021). This could contribute to the longer identification rates for People of
Color observed in this study.
It has also been found that negative encounters with law enforcement and police
brutality lead to mistrust in other institutions, such as the medical system. Alang et al
(2020) found that individuals who had experienced a negative encounter with the police
had higher rates of mistrust of the medical system. This mistrust in the medical system
was also seen in people who experienced police brutality (Alang et al., 2020). This
medical mistrust could result in less frequent doctor visits and adverse health outcomes
for those experiencing police brutality, leading to higher mortality rates and fewer
antemortem records for forensic comparison. Both of which, as mentioned previously,
could impede identification efforts. Thus, racism and biases expressed by law
enforcement officials, that have been observed in previous research, could lead to
mistrust in the system, hindering the identification of People of Color on multiple levels.
Although mistrust is difficult to measure in relation to the identification rate, it should be
considered as a contributor to the lack of antemortem records and thus disparities in
identification rates in future research.
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Ambiguous Terminology
The ambiguity of “race” and “ancestry” within anthropology and the medicolegal
system could be the cause for identification rate disparities. Although anthropologists
have recognized that “race” is a social construct, forensic anthropologists are still asked
to estimate an unidentified individual’s “ancestry” which is essentially used as a proxy
for social race. It is known that societal social race groups are not equivalent to actual
human variation, so when bioanthropological methods are used to ascribe biological
characteristics to social races, misunderstandings and/or disconnects between what is
meant and what is interpreted by the investigators can occur (Albanese & Saunders,
2006). For instance, if a forensic anthropologist reports an unidentified individual’s
ancestry as African, an investigator could interpret that the individual identified as Black
in life, due to our societal and cultural biases (Stock & Rubin, 2019). At the same time
the unidentified individual could have identified as some other social race, causing a
divide between what was reported by the anthropologist and what was interpreted and
used by the investigators. A situation like this could lead to false and/or misleading
information about an individual that could derail or impede an identification. These
issues could be exacerbated even further if an unidentified decedent’s estimated ancestry
or social race provided by the medicolegal professionals does not align with how the
individual identified themself. It has been discussed that anthropologists should consider
and acquaint themselves with their community, to get a better idea of how individuals
tend to identify themselves where they are working (Stubblefield, 2021). Although it is
important to consider those you are serving, the disconnect between a forensic estimation
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and a decedent’s actual identity should still be considered a possible factor that could
delay the identification process.
Moreover, the terminology and the definitions for race determination and identity
have changed over time and are often inconsistent. In 1977 the U.S. Office of
Management and Budget (OMB) issued guidelines for race and ethnicity terminology,
which provided large data collection agencies, such as the U.S. Census Bureau, with
standards for race and ethnicity categories (Haden-Pinneri et al., 2012). These guidelines
were revised due to criticisms and were reintroduced in 1997. The revised OMB
guidelines are still used today by the U.S. Census Bureau which sets the standard for
many other data collection agencies (Haden-Pinneri et al., 2012;
https://www.census.gov/about/our-research/race-ethnicity.html). Yet, many agencies,
including those involved in medicolegal identification processes, fail to implement these
standards widely. Thus, the way people are defining and using race terminology is very
different across agencies and disciplines. Previous researchers have advocated for the use
of OMB standards in the identification process, but this has yet to be implemented
(Haden-Pinneri et al., 2012; Holder et al., 2011; Hoyert et al., 2003; Peterson & Clark,
2006). Further, bioanthropological methods used to estimate ancestry do not result in an
estimation that follows the 1997 U.S. OMB guidelines. As previously mentioned, these
ancestry estimations are commonly used to infer the decedent’s social racial identity.
Thus, the investigators must infer the decedent’s social race, from the anthropologist’s
ancestry estimation, which is reported using completely different terminology. These
interpretations allow for larger margins of error, and any misinterpretation throughout
this process can derail or delay the identification process, leading to disparities in
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identification rates. Although many forensic anthropologists provide training for other
medicolegal professionals, to explain how anthropological ancestry estimations differ
from social race, it is difficult to know what investigators received this training and how
it impacted their actual practice. It should be noted that there are differences in how
involved anthropologists are in the identification process, depending on the standard
procedures at the medical examiners or coroners’ office. In some instances,
anthropologists are not granted access to case information after they submit their report,
which should be kept in mind when examining the effect of anthropological reports on
identification efforts.
Further, the terms used in ancestry estimation methodology and research within
forensic anthropology are ambiguous, leading to confusion within the field (Maier et al.,
2021). Over the years, forensic anthropology has changed the terminology used to
explain and assess human variation in a medicolegal setting, first referring to it as
estimation of “race”, then “ancestry”, and most recently “population affinity” (Maier et
al., 2021; Ross & Williams, 2021). Yet the issue lies in the lack of standard definitions or
explanations of these terms. Maier et al. (2021) discuss the inconsistencies in the
language used to describe biological classification within the discipline, highlighting how
the lack of uniformity and standardization within the field can lead to further confusion in
unidentified person cases. If forensic anthropologists are not in agreement about what
they are estimating and providing to investigators, it will be even more difficult to
communicate what their reported “ancestry” estimations mean to the other professionals
involved in the case. Which again, could result in misinterpretations that delay
identification processes.
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Issues and Limitations
It is important to note that because Wayne County Medical Examiner’s Office
analyzes cases from Detroit and the surrounding areas, which have unique demographic
and socioeconomic features such as the high poverty rates, Black/White death ratio
discrepancies, and high forensic case numbers, the results of this study might not be
representative of the general medicolegal system. The data collected also proved difficult
to analyze, due to the small sample size. Because there were very few individuals
identified as American Indian/Alaska Native, and Hispanic, the measure for racial group
was collapsed into White and POC. Collapsing reported race groups into a dichotomous
measure could have masked any strong relationship between specific POC racial group
and identification rate, potentially driving the observed disparity. These limitations could
be mitigated if larger sample sizes, from more areas, were collected.
Due to differences in recording and reporting of cases, there was a substantial
amount of missing data on other factors thought to influence identification rate such as
homelessness status, condition of remains, history of drug abuse, and history of mental
illness. Such small sample sizes made it difficult to draw conclusions on the effect of
these factors on identification rate. It should also be noted that there appeared to be
differences in identification rates between Ingham and Wayne County, yet further
comparison was not possible because of the small sample size of cases gathered from
Ingham County. The differences in identification rate disparities between different
jurisdictions should be explored further in future studies. This will allow a broader
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understanding of these racial disparities, and whether they are occurring in all areas
regardless of other factors.
To investigate the role of forensic anthropology more specifically in future
studies, it might be beneficial to examine cases that used anthropological analyses to
confirm the identification of the decedents. All the identification utilized
bioanthropological methods in this research, but many were positively identified using
other forensic methods. Most, if not all identification efforts are collaborative but to
understand forensic anthropology’s effects on identification rate, future research should
focus on cases that were reportedly identified using bioanthropological methods.
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Chapter 5: Conclusion
Identity, even in death, has been established as a human right (International
Covenant on Civil and Political Rights, 1966; McCombs & González, 2007; Salado
Puerto et al., 2021), so it is important that those involved in the identification of
unidentified decedents are aware of any inequities occurring throughout the identification
process. This research shows that there are disparities in identification rates between
those reported as White versus those reported as People of Color. As theorized by
previous scholars (R. Hanzlick & Smith, 2006), it is thought that these disparities could
be caused by the structural and socioeconomic inequalities that disproportionately affect
People of Color. This is extremely problematic. The structural violence that these
marginalized populations experience in life appears to also affect them in death. As one
of the contributors that provide information about the decedent’s ancestry and/or social
race, it is necessary that forensic anthropologists recognize the disparities observed in this
research and how the estimations they provide for identification may affect the outcome
and rate at which a decedent is identified.
Although it is difficult to determine what caused the racial disparities in these
data, previous research has provided evidence that case differences, structural violence
and inequalities that disproportionately affect POC, implicit and/or explicit bias, mistrust,
ambiguous terminology, and miscommunications/disconnects within the medicolegal
system should be considered as potential contributing factors. The data analyzed in the
current research provided evidence that the condition of remains, method of identification
and homelessness could contribute to the observed racial disparities in identification rate,
yet further research is needed to fully understand the causal factors. It is also thought that
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larger sample sizes from Medical Examiner’s and Coroner’s offices all over the U.S.
would allow insight into whether these disparities are occurring everywhere, or if this is
an area-specific issue, and whether other factors can explain the racial disparities
observed in this study.
To mitigate these disparities, previous researchers have suggested the
implementation of fully blind analyses to reduce biases in the forensic sciences
(Jeanguenat et al., 2017; Nakhaeizadeh, 2014). Previous scholars have also suggested that
education and training regarding bias in forensic sciences, quality assurance practices,
and peer-reviewing procedures could further mitigate biases, which could be contributing
to the identification rate disparities (Jeanguenat et al., 2017). The standardization of
ancestry/race terminology throughout the medico-legal system has also been
recommended, to mitigate any confusion and/or miscommunications that could be
causing the observed racial discrepancies in identification rate (Haden-Pinneri et al.,
2012).
Prior to the implementation of any practices to eliminate the disparities observed
in this study, further research should be done to determine the cause or causes of this
inequality with larger datasets that allow for multivariable analyses. As discussed by
Bethard and DiGangi (2020), it is the duty of forensic anthropologists to ensure that their
reports are not hindering the identification process. This research serves as a base for
further research on this matter, to build upon. Now that it is known that racial disparities
in identification rates exist in cases involving anthropological consultations, it is essential
to acknowledge and work to mitigate the effects of these disparities.
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